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ABSTRACT

This study aims to examine how the quality features of ChatGPT impact users’ intention to use the platform for learning,
employing the technology acceptance model(TAM). The structural model, including personalization, cognitive engagement, ac-
cessibility, perceived ease of use, perceived usefulness, attitude, and intention to use, was developed based on the TAM. The
model was tested using data collected from 525 native English speakers who have ever used ChatGPT for educational
purpose. This work also adopts Amazon Mechanical Turk to collect the data. The period for data collection between June 12th
and 16th in 2023. The results indicate that both cognitive engagement and perceived ease of use have a positive impact on
perceived usefulness. Furthermore, perceived usefulness positively influences attitude and intention to use ChatGPT as a
learning tool. This study will help determine what are the important factors in explaining the intention to use ChatGPT as
a learning instrument. This study is theoretically worthwhile by ensuring the explanatory power of TAM in the domain of
ChatGPT.
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Figure 1. Research model
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Table 2. Results of confirmatory factor analysis
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Table 3. Results of correlation matrix

1 2 3 4 5 6 |Mean| SD

2Ae g 119
p Ap0.05)E 7Eo =

3 4741 FolgHES e
sl 94, A B

?40 A F840 3(+)4 JFL A Rog
YERH = 0.543, p<05) 7Hd H2+= AYEIY. =
@, AAE golHe AAR FEA AW FuFL

| xE Ao 2 YERH B = 0.469, p<.05) 71 4= A
g3tk g o g, AAE F842 HEe AW
cgsc,% nx= Ao g el KB = 1.075, p<.05) 714

A AEEH A Ao R QIR H F-8&42 o]
%9]1,:_01] AHY FFE HX = AR YR KR =
1.186, p<.05) 712 7o] A& E AT o] & F&3t 7}t
A2, 7 4, 714 6, 71 Tol AlEE AL AT &
Atk ole} #HH Axl= Table 49} Figure 2 ol AA|
ol Utk

Table 4. Results of hypotheses testing

Path Beta coefficient p-value
PE-UF -.048 0.585
CE-UF .543* 0.000
AC—UF .029 0.761
EU—UF .469* 0.000
EU—AT -.142 0.106
UF—AT 1.075* 0.000
UF-IU 1.186* 0.000
AT—IU -233 0.106

Note: * p<.05, Goodness of fit: CMIN=582.917, p=0.000,
CMIN/DF=1.735, GFI=0.927, RMR=0.021, RMSEA=0.037,
NFI=0.943, TLI=0.972, IF1=0.975, CFI=0.975
PE: Personalization, CE: Cognitive engagement, AC:
Accessibility, UF: Usefulness, EU: Ease of use, IU: Intention to

use, AT: Attitude

1PE| 1 3.838 | 0.7%4
2CE |57 1 3.836 | 0.771
3.AC | .558* | 618% | 1 3.984 | 0.732
4EU | .625% | .695* | .722* | 1 4.008 | 0.746
S.UF | .703* | .791* | .664* | .764* | 1 3.951 0.776

6.AT | .653* | .736* | .656* | .723* | .831* | 1 |4.034|0.773
70U | .672% | .739* | .664* | .782* | .844* | .794* | 3.924 | 0.860

Note: * p<.01, SD stands for standard deviation
PE: Personalization, CE: Cognitive engagement, AC:
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