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ABSTRACT

After COVID-19 pandemic, the demand for online psychological counseling has increased, making it important to understand
the emotions and maintain the concentration of clients in non-face-to-face environments. Previous research used the DAISEE
(Dataset for Affective States in E-Environments) dataset, which is based on 300 frames capturing behaviors like blinking, yaw
ning, and spacing out, to analyze concentration. However, this dataset had limitations in capturing longer frame behaviors.
In this study, we constructed a new dataset of 2000 frames and analyzed concentration using machine learning, comparing
its performance with the existing 300-frame DAISEE dataset. The comparison results show that training with the longer frame
dataset yields better performance. Additionally, the development of a user interface that intuitively helps counselors understa
nd the client’s state is expected to maximize the effectiveness of counseling.

Keywords: Online counseling, Video Analysis, Machine Learning, Face Analysis, Dataset
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